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I. Purpose of the Working Paper
The U.S. Department of Labor's Employment and Training Administration issued Training and Employment Guidance Letter (TEGL) 09-08 Change 1 on June 5, 2009. This guidance letter revises the Government Performance and Results Act (GPRA) performance measures for federal workforce development programs to take into account the effect of the recession on participants' labor market and educational outcomes. As described in the TEGL, the performance targets of the various workforce development programs have been developed for use for the years PY2008 through PY2010. They are intended to be used for PY2009 performance target negotiations and will appear in the President's Budget Request for FY2010. The performance targets for future program years, adjusted for unemployment rates, are driven by the economic assumptions of the President's Budget Request for FY2010.
The revised performance targets are based on analysis carried out as part of a study conducted for the U.S. Department of Labor (USDOL) by the W. E. Upjohn Institute for Employment Research. This working paper has two purposes. The first is to describe the methodology used to estimate the relationship between unemployment rates and workforce program performance targets. The second is to describe the procedures used to adjust the GPRA performance targets for changes in unemployment rates during the current recession and over the business cycle. The study described in this working paper is the initial phase of an ongoing analysis of the effect of economic conditions on workforce development program outcomes. Because of the short amount of time provided to carry out this initial analysis, a few decisions regarding data collection were made to expedite the completion of the initial phase. These decisions included choosing a set of states that would provide a data set that maximizes geographic and participant representation, while using a reasonable number of states within a time period in which the necessary data are readily available. The next phase of the analysis, which is underway, expands the coverage.
The goal of the federal workforce programs is to provide effective services that enhance the employment opportunities and careers of participants. These services include reemployment services and remedial and skill training, among others. While such services are important in helping people obtain and retain jobs, the condition of the local labor market is also a critical factor. Areas that experience high unemployment have fewer job prospects, and the likelihood of an individual, even a highly qualified and motivated person, finding a job is diminished. Consequently, the performance of Workforce Investment Act (WIA) programs is affected by economic conditions, particularly in this current severe economic downturn.
Despite this obvious relationship between local labor market conditions and the ability to find and retain employment, little empirical research has been conducted to estimate the relationship between them. A strong empirical basis is necessary to understand how the current economic situation affects the performance of workforce programs and thus how to set goals for these programs in the near term. The study conducted by the Upjohn Institute provides estimates of the relationship between unemployment rates and performance measures included in the GPRA targets. The estimates are based on the outcomes of individual participants of the workforce programs as they search for employment within their local labor markets.
II. Overview of the Methodology and Results
The study derives direct estimates of the effects of unemployment rates on performance measures for various programs using detailed data of participants of the Workforce Investment Act (WIA), Wagner-Peyser Employment Service (ES), and Trade Adjustment Assistance (TAA) programs. As a result, the estimates capture actual relationships between changes in unemployment rates and performance. These estimates are then applied to the President's FY2010 Budget Request assumptions of national unemployment rates through 2014 to adjust the GPRA performance targets for expected changes in unemployment rates. 
A. Data
Estimates are based on the experience of individual participants in the local labor markets in which they are searching for employment. Using data at the local level provides a much stronger correspondence between the labor market outcomes of program participants and the economic conditions they are facing. As data becomes more aggregated, such as at the state or national levels, the alignment weakens, since the economic conditions of local labor markets vary widely from the state and national averages. The conditions faced by an individual looking for work in Detroit, Michigan, are much different from one seeking employment in Grand Rapids, Michigan, just as the conditions are much different, on average, for individuals in Illinois versus those in Texas. Using individual participant data also provides the ability to control for differences in the demographic characteristics of individuals. To isolate the effects of unemployment rates on performance, it would be ideal to place an identical person in each of the labor markets to observe his or her outcomes. Controlling for differences in educational attainment, prior employment history, and perceived barriers to employment through statistical means moves the analysis closer to that ideal situation. The data used to estimate these relationships are obtained from the WIA Standardized Record Data (WIASRD), TAA administrative records, and ES administrative records for selected states. Data are obtained quarterly from the years [2000] [2001] [2002] [2003] [2004] [2005] [2006] [2007] [2008] . The exact length of time depends upon the program and performance measure.
B. Estimation
Direct estimates are obtained for the following programs: WIA Adult, WIA Dislocated Worker, WIA Youth, Wagner-Peyser Employment Service (ES), and Trade Adjustment Assistance (TAA). The estimates of the effect of unemployment rates on performance measures are robust across the various programs and appear reasonable in the magnitude of their impact. Results reveal a negative relationship between unemployment rates and both entered employment rate and retention rate, which are statistically significant. For these two performance measures, estimates range from a reduction of 1.0 percentage point to a reduction of 1.8 percentage points for an increase of a one-percentage-point change in unemployment rates. This can be interpreted in the following way: an estimate of -1.8 means that a one-percentage-point change in the unemployment rate, say from 6 percent to 7 percent, is expected to reduce the entered employment rate by 1.8 percentage points. If the entered employment rate was 70 percent at an unemployment rate of 6 percent, then an increase in the unemployment rate from 6 to 7 percent would lower the expected entered employment rate from 70.0 percent to 68.2 percent. 
C. Performance Adjustment
These estimates are used to adjust the performance measures of their respective programs: WIA, ES, and TAA. For all other workforce programs for which detailed participant data are not readily available for direct estimation, estimates for the WIA Adult program are used to adjust their performance measures, with a few exceptions. WIA Adult estimates are used for the following: Senior Community Service Employment Program (SCSEP), Migrant and Seasonal Farm Worker (MSFW), Immigration and Nationality Act (INA), Work Incentive Grants (WIG), Prisoner Re-Entry Initiative, and National Emergency Grant (NEG). WIA Dislocated Worker estimates are used to adjust the retention measure for the Apprenticeship program. The justification for using WIA Adult estimates is the similarity in the characteristics of the participants of the WIA Adult program and the other programs. This analysis does not include the Unemployment Insurance program, since it is being developed under a separate study.
Using these estimates, performance targets for each program are adjusted by the estimated effects of the change in unemployment rate from year to year. Budget 2010 unemployment rate assumptions were used in the calculations. The calculations start in PY2007 (FY2007 for TAA) and extend through PY2014. The actual performance rate was used as the base in PY2007. The adjusted target for the following year was calculated by multiplying the previous year's performance target by the change in unemployment rates times the appropriate estimate of the effect of the unemployment rate change on the performance measure. This adjustment factor is then added to previous target.
III. Estimation Methodology
Estimates of the relationship between program outcomes and business cycles were conducted at the local labor market level, as defined by either the Workforce Investment Board (WIB) service area or the county, depending upon the program. A separate model is estimated for each performance measure in each program. The estimation equation is written generally as (1) Y isq = B o + B 1 *X isq + B 2 *D sq + error term, where Y is the outcome variable for individual i in WIB's (counties) in year-quarter q, X denotes the individual attributes for person, and D is the local unemployment rate in WIB's (counties) during year-quarter q. The B's represent the estimated coefficients.
Of specific interest is the estimated coefficient B 2, which shows the statistical relationship between unemployment rates (D) and the performance-related outcomes (Y). In order to account for the possibility that the effects are not contemporaneous, we tested several lag structures. We settled on a lag structure that enters the unemployment rates in the quarter in which the performance target is recorded. For example, retention rate is measured the second and third quarter after exit. Therefore, for the estimation of the effect of unemployment rates on retention rates, we entered the unemployment rates that corresponded with the second and third quarter after exit for each individual. In addition, since retention represents a change in status from holding a job to not holding one, we used the change in unemployment rates from quarter to quarter to reflect the changing labor market conditions on keeping a job. For the average earnings measure, which is defined as the earnings in the second and third quarters after exit, the unemployment rates are entered for those two quarters plus the first quarter after exit, since the participant had to be employed the first quarter to be counted in this measure. 3 For the "credentials and employment" performance measure, the effects over four quarters, from the quarter of exit through the third quarter after exit, are used to estimate the effect of unemployment rates. Therefore, for performance measures that span more than one quarter, the full effect of unemployment rates on the measure is computed by adding up the coefficients on the unemployment rates for each relevant quarter. The statistical significance is estimated using a t-test for the combined effects of the relevant coefficients. 3 Retention rate is also contingent on being employed the first quarter after exit, but since it is capturing the ability to retain a job, we looked at the change from quarter to quarter, encompassing the first three quarters after exit. 4 We also explored whether or not the unemployment rate exerts different effects on performance measures depending upon the magnitude of the unemployment rate. That is, we addressed the possibility that unemployment rates might have a nonlinear effect on performance measures. We introduced this possibility by specifying unemployment rates in two different ways. First, we entered unemployment rates as a quadratic, and second, we entered unemployment rates as a set of categorical variables each capturing different ranges of unemployment rates. In both cases, we could not reject the fact that unemployment rates have a linear effect on performance measures. Therefore, a one-percentage-point change in unemployment rates produces the same point change in performance measures (or dollar change in earnings) no matter the level of unemployment rates.
The dependent variable is a dichotomous variable that takes on the value of 1 if the outcome is achieved and 0 if not. For example, entered employment is defined as having positive earnings in the first quarter after exit. The dependent variable takes a value of 1 for individuals for whom positive earnings are observed in their wage record for that quarter, and 0 otherwise. Thus, the samples include two types of outcomes-1 or 0-and not a continuous range of percentages. Therefore, the effect of unemployment rates on entered employment is estimated as the effect of unemployment rates on the probability of finding employment (e.g., achieving a 1). Aggregating the effects across the sample of individuals included in the analysis translates the results from the effect on the probability of getting a job to the effect on the percentage of people entering employment, which is the performance measure for the WIA system.
In addition to the unemployment rate as an explanatory variable in the estimation equation, individual characteristics of participants, as denoted by the X's, are also included in the equation. These variables include measures of education, age, race/ethnicity, disability, gender, and employment history prior to registration. Most of these variables are entered as categorical variables. Since characteristics affect the performance measures and these characteristics may change over a business cycle, it is important to control for these variables in order to isolate the net effect of business cycles on performance.
For simplicity and speed and because of the large number of models estimated, the models are estimated using linear probability models, even when the dependent variable is a zero-one variable.
5 Logit and probit estimation techniques are generally recommended for estimating equations with zero-one dependent variables. However, using logit or probit makes it more difficult to interpret results and creates some complexities in calculating adjustments. For example, because logit and probit are nonlinear models, the adjustment factor cannot be calculated using sample means of local areas but rather requires calculating probabilities for all observations using the full set of data. Econometricians have shown that the drawbacks of linear probability models, compared with logit and probit techniques, may be minimal. 6 A fixed-effects model is 5 Two problems associated with the linear probability model are heteroscedasticity and the predicted values extending beyond the limits of 0 and 1. 6 Wooldridge (2002) states in his textbook that the linear probability model "often seems to give good estimates of the partial effects on the response probability near the center of the distribution of x" (p. 455). He adds that "if the main purpose is to estimate the partial effect of x on the response probability, averaged across the distribution of x, then the fact that some predicted values are outside the unit interval may not be very important" (p. 455). See Jeffrey M. Wooldridge, Econometric Analysis of Cross Section and Panel Data, Cambridge, MA: MIT Press, 2002 . In order to test the sensitivity in the estimates when using a linear probability model instead of the preferred logit estimation technique, we ran both techniques for entered employment and retention performance measures for the WIA Adult program. Our particular focus was on the coefficient estimates related to unemployment rates. We found that the two techniques yielded virtually identical estimates. Using the linear probability model, the estimated coefficient on the unemployment rate for entered employment was -0.018 with a t-statistic of -5.75; using the logit technique, the estimated coefficient was -0.0178 with a z-statistic of -5.66. For the retention rate, the combined estimated coefficient on the unemployment rates was -0.0076 using the linear probability technique and -0.0075 using the logit estimated by including zero-one variables for each of the WIBs (in the case of WIA programs) and for each state (in the case of ES and TAA programs). The fixed-effects model controls for idiosyncratic differences between each of the units (e.g., WIBs or states). By including these zero-one variables, the estimation captures the response of program participants to changes in unemployment rates over time and not the long-run differences across local labor markets (as represented by WIB service areas or states). This response to short-run changes in unemployment rates over time is the response we are trying to predict during the next few years, as the economy moves through this business cycle.
Zero-one variables indicating the year and quarter are also included to control for national time trends. Zero-one variables indicating the quarter (regardless of year) are entered to capture seasonal variation in the performance measures that may be due to regular occurrences throughout the year, such as shopping patterns and plant closings to retool for new products.
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The primary interest in this analysis is the effect of unemployment rates on participant outcomes. Although the database includes tens of thousands of participants (generating variation in the dependent variable), the unemployment rate varies only at the WIB or county level. Therefore, in all cases, more than one individual participant experiences the same unemployment rate at the same time in the same local labor market. In addition, because these individuals are within one labor market (one grouping of individuals), there may be intragroup correlation. With the possible presence of intragroup correlation and fewer relevant observations (than the total), the typical computation of standard errors of the coefficients may be biased. To correct for this we use cluster sandwich estimators, a standard procedure in the statistical analysis package that we employ. 8 We, however, do not take into consideration the possibility of spatial correlation between the geographical units, which could arise from interregional linkages of industries (supply chains) and household commuting patterns.
technique. Therefore, these results help to assuage concerns about the linear probability approach yielding biased estimates, and they are consistent with the position expressed by Wooldridge and others. 7 A reviewer of the draft suggested that we consider the possibility of spatial dependence in the estimation. This could arise for several reasons and as a consequence may bias the estimate or affect the statistical significance of the coefficient estimates. Spatial dependence basically recognizes that some local labor markets may be interdependent because of linkages among regions. These linkages could be due to commuting patterns, commodity flows, or similarity in industrial or occupational mix in that they compete regionally or nationally for workers with similar qualifications. Spatial dependence is a complex issue with no straightforward approach, since different regions across the country may be related in different ways. Therefore, we do not attempt to address this issue in the analysis and have no clear intuition whether it may bias the estimates or by how much. 8 We use STATA to estimate the model. The procedure to calculate standard errors is found in W.H.
Rogers, "Regression standard errors in clustered samples. " Stata Technical Bulletin 13: 19-23, 1993, reprinted in Stata Technical Bulletin Reprints, vol. 3, 88-94. 
IV. Data Sources and Variable Definitions
The program outcome data come from administrative records for the various workforce programs analyzed by this project.
A. Data Sources

WIA Programs
For the WIA programs, participant outcomes and attributes are derived from the WIASRD data. This allows us to consider the program outcomes from the third quarter of 2000 (which is the beginning of PY2001) to the most recent data available, third quarter 2007. Because of the short time period allowed to complete the study, a subsample was created. It included 11 states, which comprised roughly 60 percent of the participants in the WIA programs. The states consisted of California, Florida, Georgia, Illinois, Michigan, North Carolina, New Jersey, New York, Ohio, Pennsylvania, and Texas. For each of the 11 states, unemployment rates were collected from Bureau of Labor Statistics sources at the WIB or county level for each quarter from 2000 to 2008.
Trade Adjustment Assistance (TAA)
Data for the Trade Adjustment Assistance (TAA) program are also available at the individual participant level. The data are derived from the program's administrative records, and the analysis includes all participants nationwide during the period from the third quarter of 2000 through the second quarter of 2007. Since TAA, unlike WIA, is on a fiscal year, this time period includes FY2001 through FY2007. Unemployment rates are collected quarterly at the county level for all states during this period.
Wagner-Peyser Employment Service (ES)
The Wagner-Peyer Employment Service does not compile information on individual participants for the nation. Each state collects and manages its own administrative data. Therefore, there is no one source to go to for these data, as there is for the WIA and TAA programs. The analysis uses data from two large states to estimate the effect of unemployment rates on ES participants. These data include the same detailed information about program participants. Individual participants are also linked to Unemployment Insurance (UI) wage records so that the outcomes can be computed the same way that they are for the WIA and TAA programs. 
B. Variable Definitions
The variable definitions were taken from the administrative records of the various programs. For the most part, the variables are comparable across programs. Obviously, some programs do not include participants with certain characteristics; for example, the WIA Youth program obviously does not include middle-aged individuals. Personal characteristics are self-reported by the participant; outcome variables are determined through UI wage records, which are reported to the state unemployment agency by the participant's employer.
10 Table 1 indicates the performance measures from the various programs that are directly estimated in the analysis. Table 2 provides the definitions of these performance measures.
11 The dependent variables (e.g., the performance measures) follow the definitions put forth by the U.S. Department of Labor, which are followed by all workforce agencies for reporting their aggregate performance. Table 3 displays the definitions of the factors used in the regression analysis to explain performance outcomes across the various workforce development programs. The unemployment rate by WIB or county by quarter entered as a percentage (e.g., 6.5) SOURCE: Definition of variables as described in WIASRD public use document, selected years, and as defined and derived by the authors using the WIASRD variables .
V. Unemployment rates
The purpose of the analysis is to estimate the effect of local labor market conditions on the labor market (and educational) outcomes of workforce participants. In keeping with this goal, we focus on the conditions of the local labor markets within which participants seek employment. For WIA and ES programs, we use the workforce investment area as the geographical definition of local labor markets. For TAA, we use the county.
The purpose of this section is twofold. The first is to describe the variation in unemployment rates at the county level-and consequently the WIB level-over time. The reason for this discussion is to show that even though our time period for the analysis spans roughly eight years and includes only one national business cycle, unemployment rates are much more variable at the county level and provide a much richer experience in terms of frequency and depth of business cycles than is apparent when one is focused only on the national average. The second objective of this section is to estimate the effect of unemployment rates on broader labor market outcomes. Specifically, we examine the effect of unemployment rates on new hire rates and new hire earnings. These estimates provide a useful perspective on how workforce performance measures, which are related to the labor market outcomes of new hires, may also be related to unemployment rates.
A. County-Level Unemployment Rates
Unemployment rates were collected monthly at either the WIB level or the county level from the first quarter of 2000 to the first quarter of 2008. During that time, the national unemployment rates varied from 4.0 (2000) to 6.0 (2003) on an annual basis and from 3.6 (October 2000) to 6.5 (January and June 2003) on a seasonally unadjusted monthly basis. It was not until December 2008 that the monthly seasonally unadjusted unemployment rate exceeded the rates posted during 2003. However, this variation at the national level does not reflect the breadth of experience in local labor conditions across the thousands of counties and the hundreds of WIB's. During that time, unemployment rates among counties with total employment of more than 100,000 ranged from 1.1 to 14.9 percent.
13 Including all counties regardless of employment size, the range of unemployment rates expands to a low of 0.7 percent and a high of 28.9 percent, as shown in Figure 1 . Therefore, despite the relatively tight band of unemployment rates at the national level, the estimates of the effect of unemployment rates on labor market outcomes of program participants are based on a broad range of unemployment rates and occur at levels that are more than double what we are currently experiencing in this deep recession. 
B. The Effect of Unemployment Rates on New Hires
The primary focus of this study is to estimate the effect of unemployment rates on performance measures of various workforce programs. However, the outcomes of program participants should reflect the outcomes of the general labor force in local labor markets. Therefore, to offer perspective on local labor market dynamics that may affect workforce programs, we consider the effect of unemployment rates on the rate of new hires in local labor markets in Michigan. In Michigan, the local labor markets are defined by the geographical jurisdiction of WIB's.
14 Using a model similar to that which was specified for workforce programs, as described in Section III (except not including personal characteristics since these are not available), we find that the unemployment rate at the WIB level is negatively and statistically significantly related to the rate of new hires. More precisely, a one-percentage-point increase in the local unemployment rate reduces the rate of new hires by 0.028 points or 2.8 percent (-0.0044/0.146). Since the performance measure of entered employed requires the participant to be one of the new hires in the local labor market, the two outcomes should be related, with the additional factor of the difference in qualifications of program participants versus the general workforce. There appears to be no statistically significant effect between local unemployment rates and the average earnings of new hires, however. The results are only for Michigan, and these results may change as more states are added to the analysis.
VI. Estimation
Each performance measure for each program listed in Table 1 is estimated in separate equations. The equations are similar with respect to the explanatory variables included, except for the way in which the unemployment variables are entered. The full results are reported by major program, and the effects of unemployment rates on the performance measures are summarized in Table 16 .
A. WIA
Adult
Four performance measures are included in the analysis for the WIA Adult worker program. The means and standard deviations of the variables are displayed in Table 4 for each of the performance measures. The reason for the slight difference in sample statistics is that the performance measure definitions do not include the same participants. This is due to the number of quarters of earnings required to construct the performance measure, and to the definitions themselves. For example, entered employment and retention are computed from different groups of individuals, for several reasons. Entered employment requires that the participant not have worked at the time of registration; retention includes both those who worked and those who did not work. Retention requires wage record information for two quarters after exit; entered employment requires such information for only one quarter after exit. Thus, retention cannot be computed at the same time as entered employment for the same set of individuals, since the second-quarter earnings have not yet been determined. Estimates of the factors that are expected to affect the four performance measures are displayed in Table 5 . Most of the coefficients are statistically significant and have the expected sign, including the unemployment rates. For example, the estimated relationship between entered employment and unemployment rates is -0.018. An estimate of -0.018 means that a one-percentage-point change in the unemployment ratesay from 6 percent to 7 percent.-is expected to reduce the entered employment rate by 0.018 percentage points. If the entered employment rate was 0.70 (the dependent variable is measured as a rate [0.70], not as a percentage [70.0%]) at an unemployment rate of 6 percent, then an increase of the unemployment rate from 6 to 7 percent would lower the expected entered employment rate from 0.70 to 0.682. If the unemployment rate doubled, then the entered employment rate would fall by -0.036 points (2 times -0.018).
A similar relationship is found for retention. In this case the unemployment rate is entered as a change from one quarter to the next, as indicated by the variables diff12, the change in unemployment rates from the first quarter after exit to the second quarter after exit, and diff23, the change in unemployment rates from the second quarter after exit to the third quarter after exit. Since the performance measure for retention spans two quarters, the full effect of unemployment rates is estimated by adding together the two coefficients. The sum of the two coefficients is shown at the bottom of the table along with t-test result that the combined estimate is different from zero. For retention, unemployment rates have a negative and statistically significant effect, reducing the retention rate by nearly one point.
For average earnings, the effect of unemployment rates is derived by adding the coefficients associated with the three quarters of unemployment rates, f1_wib_ur, f2_wib_ur, and f3_wib_ur. The total effect is a reduction of $266 on an average base of $11,643. The estimate is statistically significant.
The credentials and employment performance measure follows a similar pattern but exhibits a larger effect from an increase in unemployment rates than was found for the other performance measures. In this case, a one-percentage-point increase in unemployment rates reduces the rate of attaining credentials and employment by 0.036 points. The estimate is obtained by summing the coefficients over four quarters: exit_wib_ur (the quarter of exit) through f3_wib_ur (the third quarter after exit). The estimate of the combined effect is statistically significant. With the mean rate of credentialing and employment at 0.53, this effect results in a 6.6 percent reduction in that performance measure.
The estimated relationships between participant characteristics and performance measures offer a broad perspective on the ability of participants with different backgrounds and employment barriers to achieve the outcomes defined by the performance measures. For example, the results suggest that participants who are black, older, disabled, have less than a high school education, and have an inconsistent work history are less likely to find and retain employment. For those who do find work, they earn less and find it more difficult to attain credentials and employment. The single largest positive effect on all four performance measures is a person's past employment history. Individuals who have positive earnings for both quarters before registration are much more successful in finding and retaining a job and in obtaining higher earnings than those with no prior employment during that period. For example, a person with prior employment in those two quarters experienced an entered employment rate that was 0.14 points higher than someone without employment during that same period, holding all other characteristics constant. If the entered employment rate is 0.70 for those without prior employment, the rate for those with prior employment is 0.84-a sizeable difference. Furthermore, we find that 45 percent of the participants in the entered employment group have two quarters of prior employment.
The largest negative effect relates to older workers. Participants older than 65 are far less likely to find a job than those in the 18-to-25 age range. However, very few participants fall into the over-65 age range.
Dislocated Worker Program
The results for the WIA Dislocated Worker program, shown in Table 7 , yield patterns of effects similar to those found for the Adult WIA program, shown in Table 5 . Unemployment rates have a negative and statistically significant effect on all four performance measures. The magnitude of the effects is slightly smaller than that found for the WIA Adult program participants but is in the same general range. For example, a one-percentage-point increase in unemployment rates lowers the entered employment rate by 0.008 points, compared with 0.018 points for the Adult WIA program participants. As seen in Table 6 , which displays the mean characteristics of the Dislocated Worker participants, dislocated workers are better educated and more strongly attached to the workforce. These traits may explain their ability to weather economic downturns a little better. As with the WIA Adult program, prior employment and age exhibited the largest effects on the performance measures. in which p < 0.05 (*), p < 0.01 (**), and p < 0.001 (***).
Year-quarter time dummy variables, quarter time dummy variables, and WIB dummy variables are also included in the estimation, but, to conserve space the coefficient estimates are not shown. SOURCE: Authors' analysis of WIASRD data and BLS unemployment rates.
Older Youth
Results for the WIA Older Youth program are in the range of estimates established by the two previously described programs. The means and standard deviations of the variables used in the estimation are displayed in Table 8 . Unemployment rates negatively affect the four performance measures. However, only entered employment exhibits a statistically significant relationship. As with the two adult programs, prior employment history has the largest effect on the four performance measures, increasing significantly the likelihood of finding and retaining a job and ofholding a job with higher earnings. Unlike the two adult programs, age is not a large factor, but education is important. Those without a high school degree-nearly half the participants-are at a significant disadvantage in their employment prospects. in which p < 0.05 (*), p < 0.01 (**), and p < 0.001 (***).
Year-quarter time dummy variables, quarter time dummy variables, and WIB dummy variables are also included in the estimation, but, to conserve space, the coefficient estimates are not shown. SOURCE: Authors' analysis of WIASRD data and BLS unemployment rates.
Youth
The WIA Youth program uses three performance measures that differ from the two adult programs and the older youth program. For youth, the performance measures include 1) placement in employment or education, 2) attainment of a degree or certificate, and 3) literacy and numeracy gains. 15 The means and standard deviations for the variables used in the estimation are shown in Table 10 . The analysis finds negative and statistically significant relationships between unemployment rates and all three performance measures for which OMB assigns targets, as displayed in Table 11 . The results show that youths facing depressed labor markets (as measured by unemployment rates) are less successful in finding employment, entering an educational program, attaining a degree or certificate, or achieving gains on literacy and numeracy tests.
For placement in education or employment, a one-percentage-point increase in the unemployment rate is associated with a 0.014-point decline in the percentage of participants placed in education or employment the quarter after exiting the program. For degree or certificate attainment, a one-percentage-point increase in the unemployment rate reduces the percentage of participants attaining a degree or certificate by an estimated 0.021 points. For literacy and numeracy gains, a one-percentage-point increase in the unemployment rate reduces the percentage of participants recording a gain by 0.024 points.
While the results are similar to those found for performance measures of the other WIA programs, understanding the results for WIA Youth requires additional explanation. The major difference between success in achieving the performance measures for WIA Youth and success in achieving those for the adult WIA programs is the greater dependency that youth may have on their family circumstances. Except for placement in employment, which is only one component of the first performance measure, success in achieving the three performance measures depends to a large extent on the family's providing a supportive environment for the youth participant. Similarly, participants' employment prospects are greater when they are members of families with experience in the labor force and skills to find and retain a job.
In particular, research findings from several studies point to the importance of parents' employment status and income on the academic achievement of their children. Income, which is highly correlated with employment, is strongly associated with youths' neighborhood environment, including peers, level of violence, opportunities to engage in learning activities (such as proximity to libraries and after-school programs), and stability of living arrangements. The literature has found that all of these factors significantly affect student achievement. For example, a recent study reviews the large literature on the effects of these various factors on adolescent student achievement and behavior. 16 This same study also uses a large longitudinal data set, which over-represents lowincome and ethnic youth, to estimate the relationship between these factors and the academic achievement of youth between the ages of 14 and 21. The authors conclude that "economic conditions in middle childhood have strong correlations with the math and reading achievement measures" (p. 9).
The New Hope project in Milwaukee offers additional evidence of the influence of parental employment on the achievement and behavior of adolescents. The New Hope project was an innovative program designed to address the problems facing low-wage families. The premise was that people who work full time can not only raise their financial status but also improve the well-being of their families. The demonstration project was evaluated using a random assignment design in which randomly selected families from two inner-city areas in Milwaukee were given benefits, such as wage supplements to raise them out of poverty, health insurance coverage, and child care. For those unable to find work, job search assistance and even subsidized employment were offered. The evaluation covered a wide range of behavioral attributes and family activities, as well as outcomes such as student achievement, as measured both by teachers' and parents' perceptions and by actual test scores.
The findings support the premise that employment that raises families out of poverty is associated with several positive behaviors and activities that lead to higher student achievement. Specifically, the evaluation found that families in the treatment group were more likely to be employed and to receive higher income. Youth in the treatment group exhibited more positive social behavior and a more optimistic attitude. They engaged more fully in school activities and in structured after-school programs, and they possessed a more positive outlook toward work and a career. According to the evaluators, one of the more striking findings from the evaluation was the positive effects the project had on student achievement within a few years after the project began. Teachers and parents rated youth in the treatment group (as compared with the control group) as possessing higher academic skills, and youth in the treatment group scored higher on standardized achievement tests.
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The evidence points to the positive effects of parental employment on the academic outcomes of the parents' children. Conversely, for youth whose parents have not found work or have lost their jobs because of a weak labor market, research points to the increased likelihood that their academic success will decline. Therefore, as unemployment increases, one would expect their attainment of degrees and certification and their scores on numeracy and literacy tests to decline, as seen in the regression results for WIA Youth.
However, it should be recognized that family circumstances may not be the only factors that affect the performance of participants in WIA Youth programs. The employment status of youth may also play a role. Results reveal that upwards of 60 percent of participants in WIA Youth programs have had some employment the first two quarters before registering for the program, with more than 30 percent employed both quarters. Results also show that higher unemployment rates reduce the likelihood of employment by one to two percentage points.
Employment may have a detrimental effect on youths' academic achievement and prospects of entering higher education, since time on the job takes away from time for homework and other out-of-school activities as well as reducing the time for sleep, which are all important factors for academic achievement. However, a recent study shows that there is only a small trade-off between work time and homework time. Estimates based on the American Time Use Surveys show that working 60 additional minutes reduces the amount of time spent on homework by only 5 minutes. An additional hour of work cuts into only 10 minutes of sleep. The largest trade-off is with watching television: TV watching is reduced by 24 minutes for every 60 additional minutes on the job. 18 Therefore, even though higher unemployment rates could lead indirectly to more time for homework, since the likelihood of working is reduced, the positive effects on student achievement would probably be quite small and outweighed by the negative effects of parents' losing their jobs.
Therefore, the literature appears to support the negative relationships found in this study between unemployment rates and the three performance measures for WIA Youth. Combined UR -0.0141*** -0.0241** -0.0241** Effect (-4.27) (-3.61) (-3.29) NOTE: Asterisks indicate statistical significance in which p < 0.05 (*), p < 0.01 (**), and p < 0.001 (***).
Year-quarter time dummy variables, quarter time dummy variables, and state dummy variables are also included in the estimation, but, to conserve space, the coefficient estimates are not shown. SOURCE: Authors' analysis of WIASRD data and BLS unemployment rates.
B. Trade Adjustment Assistance
The Trade Adjustment Assistance program provides training and other assistance to dislocated workers whose companies have been impacted adversely by foreign competition. While the participants of TAA and WIA Dislocated Worker programs share the fact that they both have been displaced from employment, they differ in other characteristics, as shown in Table 12 . For example, TAA participants appear to have lower educational attainment than WIA Dislocated Worker participants, as evidenced by double the percentage of high school dropouts and half the percentage of those with BA degrees. In addition, TAA participants are older and less diverse.
The effects of unemployment rates on the three performance measures are similar to what was found for the WIA Dislocated Worker program, with one exception related to retention. As shown in Table 13 , entered employment is negatively and statistically significantly affected by unemployment rates: a one -percentage-point increase in unemployment rates reduces entered employment by 0.0142 points. Earnings are also negatively affected, as a one-percentage-point increase in unemployment rates reduces earnings by $377, or 2.8 percent from the mean. Retention, on the other hand, shows no statistically significant relationship to unemployment rates. It is not clear why the coefficient is not statistically different from zero, as it is for WIA Dislocated Worker participants. Both programs provide training for workers to find jobs in industries other than the ones from which they were displaced if jobs are not available in those industries. It could be that the training is more intense for TAA participants, since income support is available for TAA participants and not for WIA Dislocated Worker participants, and thus the TAA participants are more qualified for the jobs they find. However, there is no evidence to support this possibility. Therefore, in the performance adjustment calculations, we use the retention estimates from the WIA Dislocated Worker program instead of the estimates obtained directly from the analysis of TAA participants. Year-quarter time dummy variables, quarter time dummy variables, and WIB dummy variables are also included in the estimation, but, to conserve space, the coefficient estimates are not shown. SOURCE: Authors' analysis of TAA administrative files and BLS unemployment rates.
C. Wagner-Peyser Employment Service
Unlike the WIA and TAA programs, the Wagner-Peyser Employment Service does not benefit from a national administrative data set that includes the outcomes and personal characteristics of individual participants. Each state maintains its own information system, and it is not reported to the federal government or compiled in any way. Therefore, in order to estimate the effect of unemployment rates on performance targets for the ES system, we relied on access to the administrative records of two states. The three performance measures-entered employment, retention, and earnings-were computed using the UI wage records for each individual. The wage records were then linked to information regarding personal characteristics obtained through the ES application process. Estimates of the effect of unemployment rates on the performance measures were obtained using the same linear probability method employed for the WIA and TAA programs. However, since the administrative records of two different states were used, we estimated each state separately and combined the estimates by weighting each state's estimates by the number of participants.
The means and standard deviations of factors used to estimate the ES equations are displayed in Table 14 . Some of the variables are defined differently from those in other programs, because of inconsistency in the variables available from each state. For instance, the education variables include only less than high school (lths) and postsecondary. The latter variable includes all those who have attained any postsecondary education, as well as those who have completed postsecondary degrees such as BA's and even PhD's. The race and ethnicity variables are also limited, compared with the other programs. Nonetheless, the main purpose of including personal characteristics in the equation is to control for the effect of these attributes on performance measures. Given the statistical significance of the coefficients associated with these variables (shown in Table 15 ), they seem to perform that function. The characteristics of ES participants in the two states included in the estimation fall within a range between the two adult WIA programs. For instance, the percentage of those without a high school education is 16.3 percent for the entered employment sample, which is higher than the Dislocated Worker program mean. African American representation in the ES program lies between that of the two programs as well. Since there is no national data set of ES participants, it is not possible to compare the characteristics of participants in the two states with those of participants nationally. However, the Wagner-Peyser performance reports do include two variables that also appear in our data set: 1) veterans and eligible persons and 2) persons with disabilities. For the first variable, the national percentage is 9. As shown in Table 15 , there are many similarities in estimates between the two states, as well as a few differences. As with the other programs, age, gender, and education are important factors in obtaining and retaining a job. These factors also matter in the level of earnings received. And, as with the other programs, prior employment is also the factor with the largest impact on entered employment and retention. However, some differences are evident. For instance, high school dropouts have more difficulty finding a job in State B than in State A, with the coefficient in State A not statistically significantly different from zero.
Unemployment rates follow patterns of influence that are similar to those found for the other programs. For instance, in State A a one-percentage-point increase in unemployment rates reduces entered employment by 0.0194 percentage points, while in State B the reduction is only 0.005 percentage points. The magnitude of the effects of unemployment is the opposite between the two states for retention: for State A the effect is -0.0026 percentage points (or -0.005 percent, i.e, -0.0026/0.522), and for State B the effect is -0.019 percentage points (or -0.024 percent, i.e., -0.019/0.82). The cumulative effect of unemployment rates on earnings is -$643 for State A and -$921 for State B. Because of the differences between the two states, we computed the participant-weighted average of the estimates, which yielded the results shown in Table 16 . Table 17 summarizes the estimates of the effects of unemployment rates on the performance outcomes of the various programs. Both the point change and the percentage change are included. The point change is the estimated effect of a onepercentage-point change in unemployment rates on the performance target level. For example, for entered employment in the WIA Adult program, a one-percentage-point change in the unemployment rate lowers the entered employment rate by 1.8 points. Note that the point changes related to rates (such as entered employment rate or retention rate) displayed in the previous tables have been multiplied by 100 to be consistent with the way in which the USDOL typically lists performance outcomes and targets: as percentages-that is, listed as 76.0 percent instead of as 0.76. 
D. Summary of the Estimates
VII. Performance Adjustment Procedure
Using the estimates reported in the previous section, performance targets for each of these programs are adjusted by the estimated effects of the change in unemployment rate from year to year. The unemployment rate assumptions of the President's FY2010 Budget Request are used in the calculations. The calculations start in PY2007 (FY2007 for TAA) and extend through PY2014. The actual performance rate was used as the base in PY2007. The adjusted target for the following year was calculated by multiplying the previous year's performance target by the change in unemployment rates times the appropriate estimate of the effect of the unemployment rate change on the performance measure. This adjustment factor is then added to the previous target.
Using the WIA Adult entered employment rate as an example, the calculation for PY2008 is the following: EER (PY2008) = EER (PY2007) + EER (PY2007) *(-1.8/76.2)*(UR PY2008 -UR PY2007 ) .
The estimated effects are converted into percentage changes (-1.8/76.2 in this case) so that their effect is proportional to the magnitude of the target, which varies by program. Repeating this procedure each year thereafter yields the entered employment performance targets for the WIA Adult program, as shown in Table 18 . Extending this procedure for the other two performance targets yields the adjusted targets for retention and earnings levels. Displaying the adjusted performance targets along with the unemployment rate assumptions in Figure 2 shows how the targets adjust with changes in the unemployment rates. As the unemployment rate assumptions increase from PY2007 to PY2008, the adjusted target declines, reflecting the experience (as estimated in the analysis) that it is more difficult to find a job in tougher economic times. As the unemployment rate assumptions begin to fall after PY2009, the performance targets gradually increase but do not return to their PY2007 levels because the unemployment rate assumption remains slightly higher in PY2014 than in the base period of PY2007. Notice that the GPRA targets are considerably higher than the adjusted targets throughout this period. Figures 3 and 4 show similar patterns for the other two adjusted performance measures because they are all driven by the unemployment rate assumptions. The only difference among the three measures in the change from year to year is related to the weights derived from the estimates, which are different for each performance measure. 
VIII. Conclusion
This study provides empirical estimates of the effect of unemployment rates on workforce development program performance measures for the purpose of using these estimates to adjust the performance targets for changes in economic conditions. Despite the obvious relationship between local labor market conditions and the ability to find and retain employment, prior to this analysis there was little systematic empirical basis upon which to relate workforce development program performance targets to changes in labor market conditions. The study found that performance measures are negatively impacted by unemployment rates. These estimates are then used to adjust future performance targets for changes in unemployment rates.
The next phase of the project expands the analysis of WIA to cover all states, all WIBs and a longer time period; to include the direct estimates of additional programs; to update periodically the estimates as new data become available; and to readjust the performance targets to the new estimates and as the administration updates its unemployment rate assumptions. This second phase of the project extends through the end of 2010.
